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1. Let’s start by defining what you mean by poor-quality data. 
It’s an insidious problem, but also one that is difficult to define. It’s more easily calibrated in terms of

what companies believe they have lost – for example, real revenues or real savings. That’s the prevailing

definition of what poor data does. Poor-quality data, of course, is data that is inaccurate, incomplete,

and misleading. And that leads to bad business decision-making.

2. No company, of course, wants poor-quality data. So… how do

companies find themselves in situations where they do have poor-

quality data? 
The problem that companies have is that data is captured in multiple operational systems, each set 

up to do a specific task, such as enter orders. What if a customer is entered twice? Then you have a

fractured customer record. This could be because the person doing the entering has the incentive of

entering orders as quickly as possible. And if it’s quicker to enter a customer anew rather than look up

the customer record, then the company ends up with multiple entries for the same customer… some

of which may vary slightly. That’s just one example of poor quality data. Now multiply this by the

number of operational systems that contain customer data – billing, sales force automation, general

ledger, etc. – and you can see the magnitude of the problem just for customer data.

Many companies have situations like this, where incentives are way out of whack in terms of being able

to foster a good data quality environment.

Additionally, systems might be used in ways that the person entering the data doesn’t really under-

stand. For example, they might have to enter standard industry codes. That has nothing to do with 

the order entry clerk’s ability to fill the order. But what if that information is critical downstream to

other associates trying to analyze what types of companies are buying from us? Who should we target

for our marketing campaigns? 

The source of poor data quality isn’t malicious or intentional; it’s just that people want to enter the

data expeditiously, and quality isn’t always rewarded.

3. What is the fallout of operating with poor-quality data? The risks? 
As I mentioned earlier, bad decision making is the biggest risk. To continue the order entry example,

the marketing person down the line gets bad intelligence, incomplete views of customers, and might

even think a customer is unprofitable when really it is quite profitable. They simply can’t get the return

they want on their marketing campaign because without the right data, you can only have mistaken

analysis and erroneous decisions.
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4. Companies can’t stop functioning – take a break,

so to speak – to clean up their data. So, what are

the processes companies can follow to improve their

data while still managing day-to-day operations? 
It’s like changing the tires on a moving car! Companies can’t suddenly –

even temporarily – stop the influx of data, but they can put in processes to

stop influx of bad data.

First, I’d look at the incentive packages of employees who handle critical

data. Are they being incented properly and appropriately? It can be chal-

lenging, but paying based not just on amount of data entered but also

quality of that data entry, is a big place for companies to start improving

the quality of the data right as it enters the company.

Next, it’s essential to improve existing data through technology and data

quality tools. These tools have come a long way and are very sophisticated

in terms of accurately matching fractured customer data up. Existing data

can be almost completely cleansed, providing the company with the critical

“single view of the customer.”

Another step to take is to determine: who is responsible for bad – or good

quality – data? The truth is that responsibility for data quality crosses all

sorts of enterprise boundaries. Quality data doesn’t belong to any one 

single department and improving poor quality data involves multiple

departments, organizations, and individuals in the corporation.

So, a movement is afoot that I think is a good one – some companies are

starting to create organizations, or cross-enterprise teams, of data stewards

who do have not only the responsibility but also the authority to improve

business processes so that the same data quality problems don’t keep

cropping up over and over.

5. When is data “good enough?” In other words,

what parameters can help a company know it’s

moved from poor-quality to high-quality data?
If you can’t measure it, you can’t improve it. So a fundamental part of

improving data quality is to be able to measure data quality. Until you have

some type of baseline metric, you don’t even know where you are. Now, is

data ever good enough? If the person doing analysis of the data knows that

the data is consistently ten percent off for whatever reason, then the analysis

can be adjusted or accommodated for that. From an analysis standpoint,

that’s perfectly good data. You can adjust for imperfections if they are

consistent and you know what they are. If you can consistently say data is

such and such, then you can use it.

But if you measure data quality and it is too low – let’s say it’s 80 percent

accurate and you need to get to 90 percent accuracy – then that’s where things

can get complex. It helps to work through that complexity if IT and business

users can collaborate to discover where the bad data is coming from. Where

are the problems? Is it fixable? Is there some fundamental process that is

missing? Perhaps retraining is needed? Maybe redirected incentives? Can the

technology be imposed on the problem to help correct it?

In some cases, it may be discovered that it’s too difficult or costly to fix a

particular problem – so it’s on to the next one. Not all problems will fall

into the “yes, it’s worth the effort to fix it” column. But others will certainly

be fixable and the company can get closer to that 90 percent accuracy goal.

6. What role does data warehousing and other

technology play in enabling companies to have

high-quality data? 
Data warehousing is the first place that we bring fractured data from

operational systems together. It’s the first place where we try to integrate the

data into a single source. Therefore, it is the messenger of, oh no, we have

bad data. But – please – don’t shoot the messenger! The messenger is simply

pointing out that there are problems somewhere in the operational systems

or processes or gathering of data. Unfortunately, many people, when they

see poor quality results of their data analysis, blame the data warehouse.

The data warehouse is not responsible for bad data. It’s also not fair to tell

the data warehouse team to fix all the data quality problems they encounter,

because most – especially the insidious ones – were created by the data

being inappropriately entered in the first place. It is much more cost-

efficient to fix the problems where they occur.

7. What are the benefits of higher quality data in

terms of Customer Relationship Management (CRM)? 
Data quality enables business decision making to be performed with

confidence. If we have better quality data as its gathered, and the quality 

is managed with data quality tools, then in the long term we can get closer

to a consistent, 360-degree view of the customer, and make strategic CRM

decisions with greater accuracy. We can be assured that we’ve created CRM

programs that truly fit the customer, because we have an accurate reflection

of the actual customer in our data. With that confidence of accuracy, we can

do better analysis of why a customer is profitable or not, how to make the

customer more profitable, how to grow the business.

It’s important to remember, though, that data quality is never a one-time

fix. It is a continual, enterprise-wide process that everyone must support.
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